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Introduction & Motivation Overview of the FaceCPT Framework
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* Relies on supervised training for each specific task
* Requires large, manually annotated datasets
* Demands substantial computational resources expression recognition mean accuracy (%)
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* Performs poorly on low-resolution FR tasks

* Demonstrates limited zero-shot learning capabilities Evaluation on Face Understanding
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* Incorrect attributes may be present in the caption

, , Table: Comparison of zero-shot Visualization of FaceCPT’s retrieved
* (Captions can vary drastically

transferability with baselines 1mages for the text-to-face retrieval task.
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