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Iterative Structure-Detail Refinement

Introduction
Our task
éEstimate disparity from event—frame stereo pairs.
Key words
éDepth estimation, Event camera, Cross-modality correspondence.
Motivation

Right-view
event camera

5(1) How to bridge the domain gap between events and frames?
(2) How to exploit structural cues from events and fine details
from frames ?

Contributions

5(1) We introduce temporal-gated frame enhancement for more accurate
cross-modality correspondence.

5(2) We design an iterative structure-detail disparity refinement scheme
for accurate depth estimation.
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Temporal-gated frame enhancement

Results
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Iterative structure-detail disparity refinement

MVSEC dataset
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DSEC dataset

- Modalit Method MAE |PE 2PE RMSE
Modaltly Metaod Split 1 Split3 Split 1 Split3 Split1 Split3 Split 1 Split 3 : : ? : : :
1 e EIS [22] 0.396 5.814 1.055 0.906
_ ELS [22] 3.7 224 - - - - 890 88.1 SCSNet [6 0.387 5.673 0.992 0.852
2E+2F  SMC-Net [5] 112 145 45 63 037 052 943 920
EGEI-Net [38] 07 11.1 39 47 035 038 951 934 DDES [27 0.576 10.915 2.905 1.381
Ours 0.1 113 39 45 035 038 949 934 EIS-E [22 0.529 9.958 2.645 1.222
PSMNet [3] 159 183 80 102 057 068 886 83. E DTC-SPADE [36] 0.527 9.277 2.416 1.291
OF  GWC-Net[14] 150 174 75 93 053 064 899 858 Se-cff [23 0.519 ).583 2.620 1.231
SStereo [29] 140 164 64 78 048 056 915 885 StereoFlow-Net™ [7] 0.493 8.662 2.259 1172
MGC-Net [16] 0.514 9.625 2.512 1.187
DDES [27] 167 278 68 147 059 094 898 748
e EITNet [1] 142 194 59 104 055 075 921 896 HDES [41] 0.698 9.020 4.970 1.307
DTC-SPADE [36] 135 171 52 19 046 060 930 897 3 rane DCNet [30] 0.587 3.050 2.850 1.193
StereoFlow-Net* [7] 13.0 150 50 58 046 049 929 926 ke AFES-dc* [4] 0.543 0.970 2.230 1.175
o DCNet [30] 169 178 70 86 066 075 850 833
TDANet [35] 158 197 - - 075 087 881 714
Ours* 121 142 48 58 041 054 941 914
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(b) Ground Truth

(a) Frame (c) DCNet (d) DCT-5PADE (e) StereoFlow-Net

(c) MGC-Net
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(d) StereoFlow-Net
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(e) Ours



