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Vision-Language Models excel at zero-shot recognition, but they forget when fine-tuned 
and cannot adapt to new tasks without losing generality. We need a way to continually 
learn new knowledge while enhancing, not degrading, their zero-shot ability.
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Class Incremental Transfer

To evaluate the zero-shot capabilities of our 
approach we measure the CI-Transfer, which 
evaluates the accuracy on unseen tasks.
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Motivation

Multi Task Incremental Learning (MTIL)
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A PyTorch benchmark library
for Continual Learning with 

20+ datasets and 50+ methods.
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Our method, MoDER, achieves state-of-the-art 
performance across all benchmarks.

• Class-Incremental Transfer: Strongest 
zero-shot transfer to unseen classes.

• Class-Incremental Learning: Best overall 
retention and adaptation balance.

• MTIL: Improves zero-shot accuracy while 
minimizing forgetting across domains. MoDER 
effectively reuses textual experts to enhance 
generalization and maintain efficiency, 
outperforming all prior CLIP-based approaches.

TL;DR
MoDER improves the zero-shot and continual learning abilities of Vision-Language Models. Instead of just 

preserving zero-shot performance when learning new tasks, it enhances it through modular compositionality.

- MoDER trains textual expert modules, each specialized on a single class, using parameter-efficient fine-tuning.
- These experts are stored in a foundational hub, a library of reusable knowledge.
- When facing new classes, MoDER composes relevant experts from the hub to generate new prototypes on the fly.


