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Enforces target class
features

Discourages features from other
classes given by similarity sampling.

Conclusion: DIPSY is a simple
image gen pipeline for few-
shot learning and achieves
SOTA results without fine-

tuning, filtering or captioning.
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Task: Few-Shot Classification (classify images with <16 examples).
Importance: Critical for data-scarce fields (e.g., medical, rare species).
Challenges: Existing synthetic data methods are often:

Complex: Require heavy fine-tuning
Brittle: Rely on external captioning/filtering

Related Works

We introduce DIPSY, a training and captioning-free pipeline producing faithful and specific images using double image guidance.

DIPSY excels at capturing, fine-grained
details (like pet eye color and food
toppings) that other methods miss.

Double Image Guidance:

DIPSY Generation Pipeline

Ablation Finding: The negative image prompt drives the largest performance gain. While more real data always helps,
generating more than 200 synthetic images for 16 shots offers no further benefit.


