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e \We introduce the Virtual Try-Off (VTOFF) task.

e Motivations:

o replace costly traditional product photography,

: a) masked garment b) jittered hue | c) patch-wise color jittering
o potentially reduce product return rates,
T o support image retrieval applications.
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generation metrics and find that DISTS [1] is the d)
most suitable for assessing VTON & VTOFF
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Image Encoder: SigLIP [9] | Denoising U-Net & VAE: Stable Diffusion-v1.4 [10]

SigLIP extracts features from a reference image, which are processed by adapter modules and embedded into Stable Diffusion v1.4 by replacing text features within the
cross-attention layers. This enables image-guided generation. The adapter and diffusion model are trained jointly.

Results
Method Cw>SIM 4+ T1PIPS| FID| DISTS|
GAN-Pose [EQ] 32.5 44.2 73.2 304
ViscoNet [B] 28.9 54.0 42.3 31.2
OOTDiff. [EF] 26.1 495 540 324
CatVTON [0] 32.0 459 314 282
[P-Adapter [E9]  30.1 51.5  36.1 309
TryOffDiff 49.2 30.1 14.5 20.3

Evaluation on VITON-HD shows consistent improvement
across all metrics.
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Within- and cross-dataset evaluation of Try OffDIff.
Trained and tested on VITON-HD[7] (HD) or

(a) (b) (¢) ViscoNet (d), (e) (1) (8) (h) Target DressCode[8] (DC, upper-body) in within-dataset
Reference Gan-Pose OOTDiff. CatVTON  IP-Adapter  TryOffDiff
(HD/HD, DC/DC) and cross-dataset (DC/HD, HD/DC)
settings.
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