JOG3R: Towards 3D-Consistent Video Generators
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Dil-based Video diffusion models Vil-based 3D foundation models
v Generate photoreal videos v Estimate 3D point maps
x Videos often lack 3D consistency v Estimate camera poses
x Do not estimate 3D point maps x Do not generate videos

JOG3R ==J0Oint Generation and 3d Reconstruction
v Generate photoreal videos v Estimate camera poses v Estimate 3D point maps
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