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@ Test data streams @ A step towards real-world Test Time Adaptation

Classes of interest : Car, bike, truck, train, bicycle etc. Need for ITTA
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Closed-set test data stream : Training TTA shift  shift image task Problem setting shifts.
Y Y Y X X c Closed-set TTA 2. Recognize and incorporate new
T - X 4 v X v Cs Single—in?zfge _(S;oset—set TTA classes as they appear.
Gy P g CIONC. LoRC 70 X v v /X Ci1 Open-set TTA 3. Operate on a single-image basis
J/ X X J/ X C,+C, Class Incremental Learning without access to batches or any
X 4 v/ v/ J/ C,+C, labeled data.
Open-set test data stream : 4. Maintain performance across seen
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@ Experimental Results Incremental Class Detection Delay (ICDD) Metric
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Method

How do we quantify the
effectiveness of active sample
selection method?
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Comparison of SegAssist with different Active Learning discovered using MSP till time t.
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Performance of SegAssist in different ITTA scenarios Computation of the ICDD Metric



