MuDG: Taming Multi-modal Diffusion with

Gaussian Splatting for Urban Scene Reconstruction
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What can MuDG do?
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Quantltatlve Comparison of NVS on the Waymo[l]
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5 Method FID, FVD| | FID, FVDJ| | FID| FVD|
& S3Gaussian [10] | 169.08 2031.97 | 191.38 2543.47 | 206.99 2663.56
3DGS* [11] 101.63 1062.57 | 117.36 1379.68 | 135.10 1675.16
EmerNeRF [30] | 73.58 64590 | 93.09 983.94 | 11094 1250.56
StreetGS [28] 69.79  563.00 | 87.71  898.05 | 100.05 1269.99
"E FreeVS [22] 92.08 652.09 | 9591 78474 | 117.68 801.20
2 Ours-R 50.02 67124 | 49.42 77778 | 5652  770.39
Ours-S 54.14 50934 | 58.85 659.27 | 6544  808.85
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