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Core Task: Video Virtual Try-On aims to transfer a 
garment onto a person in a video, preserving their 
identity and motion.
Key Challenges: Existing methods struggle to generate 
temporally coherent results for complex human 
motions while preserving high-fidelity clothing details.

Dynamic Feature Fusion Module (DFFM):
A lightweight module that repurposes the main DiT 
backbone to encode garment features.
Limb-aware Dynamic Attention Module (LDAM):
A novel attention layer that leverages human pose 
information to explicitly model the motion of individual 
limbs across frames.

Step 1: Garment Feature Extraction:
A single garment image is passed through 
the DiT backbone once. Its intermediate 
features are extracted and stored in 
a Feature Bank.

Step 2: Dynamic Try-On Generation:
During the denoising process, the model:

1.Injects garment details using our 
efficient DFFM for high-fidelity texture.

2.Utilizes the human pose sequence to 
guide the LDAM for superior temporal 
consistency, ensuring smooth limb 
movements.

Limb-aware Dynamic Attention Module
LDAM dynamically selects and groups 
tokens corresponding to human limbs (e.g., 
left arm, right leg). 
Shared self-attention is then applied within 
each group, ensuring that each limb is 
rendered consistently throughout the video 
sequence. This is critical for challenging 
motions.

Performance on VVT Dataset
Ablation Study: The LDAM module improves all video metrics, demonstrating higher 
performance and efficiency than a standard (and more costly) 3D Full Attention layer.

Computational Efficiency: Our DFFM reduces 
training memory by ~17% (58.3G → 48.5G for 
a 28-block model) compared to standard 
encoder-based approaches.

See Dynamic Try-On in Action!
Scan for video demos and project page


