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RESULTS CONCLUSION

v We propose the first cross-modal metric, namely
Cross-Modal Scene Semantic Alignment (CM-SSA),
for image complexity assessment.

v We introduce a dual-branch framework, including
the complexity regression branch and the scene
semantic alignment branch, for exploiting cross-
modal scene semantic information to assist the
complexity prediction.

v Experiments on several ICA datasets, including
[C9600, VISC-C, and SAVOIAS, demonstrate that
our proposed CM-SSA outperforms state-of-the-art

methods. Ablation studies further validate the
effectiveness of each proposed key component.
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