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Novel MOT framework: Our method is the
first to leverage the self-supervised encoder

to refine segmentation masks and
incorporate them directly into the matching

score, without computing mask IoU.

Self-supervised encoder design: We
introduce a self-supervised encoder that

enhances the temporal stability and
discriminability of depth-segmentation

features.

Strong performance: We achieve
competitive results across diverse tracking
scenarios, showing particular robustness in

occluded scenes.

Qualitative Results of the Depth-Segmentation
Autoencoder: The encoder preserves key spatial
details and object boundaries, supporting robust

association, despite variations in scale and
structure.
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2. Feature Extraction
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