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Intellectual property of NeRFs Challenge: Preserving rendering quality
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* NeRFs are powerful 3D representation widely used in various downstream tasks % O 5 _— . . Y
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 Their unauthorized use can lead to loss in resources and revenues . .
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 Goal: Prevent unauthorized downstream use of NeRF via adversarial perturbation
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Disrupting Unauthorized Downstream Tasks
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* Goal: Generate perturbations on color and geometry pre- * Goal: Identify the sensitivity of each spatial region to Protection loss

rendering outputs for each 3D point rendering quality Loro = —LF(F(x’),ygt)
* Approximated using a neural network =» generation of * Predicts sensitivity score for each 3D point using a neural Naturalness loss

perturbation for any arbitrary point network , gt ,
* Applicable across diverse downstream models * Sensitivity score is used to clamp geometric perturbations Lnat = Z I I (r) —I;"(r) I3
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Quantitative Results
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Naturalness Disruption efficacy - 1 .
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Jud ‘
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