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Introduction

● Zero-shot CLIP features are sub-optimal.

● DINO visuals are rich but SSL methods usually 

require labeled linear probes; labels are costly.

Can we efficiently fine-tune CLIP using 
unlabeled images and class-specific visual 
descriptions from LLMs to achieve label-free, 
dataset-adaptive classification?

Quantitative Results

Methodology

We propose NoLA (No Labels Attached), a 

lightweight, label-free prompt-tuning framework 

that adapts CLIP using only unlabeled images. 

Our approach unfolds in three steps:

A. The class-specific visual descriptions is used to 

distil rich textual priors into CLIP’s text space.

B. The SSL DINO is aligned with CLIP using top-k 

confident predictions per class.

C. The aligned DINO backbone is used to 

generate confident pseudo labels to finetune 

the CLIP vision encoder via prompt tuning.

Qualitative Results

Ablations

Conclusion

● NoLA delivers label-free, parameter-efficient adaptation using 
unlabeled images and class-specific visual descriptions.

● A scalable, cost-effective path for adapting VLMs when 
annotations are scarce.
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