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* Deep neural networks struggle with performance when the Q:oso
test data distribution is different from training, especially 5‘“’
with continual and long-sequence shifts. §30
» Existing Test-Time Adaptation (TTA) methods suffer in “
"long-sequence continual adaptation" as models overfit to 10
self-generated noisy pseudo-labels, degrading accuracy. .
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* Foreach layer [, compare current
weights W, with initialized weights W’ e
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+Update only batch normalization parameters. . =
*No source domain or calibration set required. . M Y M
*Works for multiple architectures (ResNet, ViT). ' W‘
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