
Introduction

Previous Work

● Video Anomaly Detection 
(VAD) Challenges:
○ Dynamic nature of human 

actions.
○ Lack of decision threshold in 

deployment.
○ Lack of real world scenario 

evaluation.
● Focus:
○ Assessing VAD algorithms in 

real-life conditions using an 
active learning framework.

● Results:
○ ALFred achieves an EBI 

(Error Balance Index) of 
68.91 for Q3 in real-world 
simulated scenarios.
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● Introducing ALFred, an active 
learning framework, applicable 
to existing models, for 
real-world VAD with adaptive 
thresholds.

● Bringing human-in-the-loop 
functionality to introduce 
reliable training and validation 
sets for active learning.

● Comparing training results 
that showcase the benefits of 
ALFred in offline training.

● Conducting extensive 
experiments that showcase the 
benefits of ALFred in adapting 
to unseen data.
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Research Questions and Future Directions

● Challenges:
○ Current pose-based anomaly detection performance still leaves room for 

improvement.
○ Need to assess timing, efficiency, and hardware requirements for 

real-world use.
○ Long-term, real-world monitoring is required to evaluate adaptability 

and identify failure modes.
● Future:
○ Employ meta-learning and reward-based adaptation to generalize across 

unseen environments.
○ Conduct structured, continuous deployment studies to measure 

robustness, efficiency, and real-world viability.
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Training Methodology & 
Metrics

● Training Methodology:
○ Continual Learning:

No filtering is applied
○ Pseudo-Continual Learning:

Only data pseudo-labeled as 
normal

○ Active Learning: 
Human annotators identify 
FP among the 
pseudo-labeled anomalies

○ AL Light: 
A variant of active learning 
that minimizes annotator 
workload

● Metrics
○ Error Balance Index:


