
Track validation using gradient-based normalised cross-correlation �

supplementary material

Darren Caul�eld, Kenneth Dawson-Howe

1 Simplifying normalised cross-correlation

In section 3.1 of the main paper we used a modi�ed version of the normalised cross-correlation (NCC) similarity
measure as the basis for our gradient ascent NCC tracker. The similarity O (u) of a template Q and an image
patch I displaced from the template by u is:
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where n is the number of pixels in the image patch and R is the set of pixel locations in the template. Below,
we show that either Ī or Q̄ � the means of the image patch and the template, respectively � can be removed
from the formula without changing the result.
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2 Datasets

Below, we provide details of the video sequences that make up the dataset used in our experiments.
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